Undocumented immigration is a core policy issue. However, quantitative information on the phenomenon is absolutely scant. This paper uses a uniquely large data set on undocumented immigrants to provide new information on immigrants' personal characteristics and their socioeconomic status. We find a great heterogeneity of migration patterns across ethnic groups and between genders. We also document that immigrants possess, on average, a high level of education and perform qualified jobs in their country of origin. This is in striking contrast with their labour market outcomes in Italy, where 46% of immigrants are unemployed and almost all employed individuals perform very elementary occupations. Regression analysis suggests that schooling and knowledge of Italian are positively associated with the probability of being employed. We also find that, ceteris paribus, immigrants from Sub Saharan Africa have a lower employment rate.
Introduction
Undocumented immigration 1 has become a major policy issue in most developed countries. Two circumstances have certainly contributed to worsen the problem: first, the increased migration pressure from less developed countries; second, the spread of migration-control policies in most countries of destination -in the form of both migration quotas and selective immigration measures 2 . The socioeconomic consequences of irregular immigration in developed countries are clearly crucial and have received growing attention in the policy debate. However, in general the discussion is poorly informed since the phenomenon is -by its very nature -extremely difficult to quantify 3 and to assess.
This paper aims at contributing to this area of research by providing new insightful evidence on undocumented immigrants in Milan. We use a uniquely large dataset, which contains information on immigrants' personal characteristics and their socioeconomic status for the time spanned between April 2000 and October 2001. The paper organises this information and offers an overall image of migrants' profiles. In particular, we focus on immigrants' performance in the labour market by looking at the relationship between key personal characteristics and employment situation in the host country. Our analysis reveals some interesting features of the hidden universe of undocumented immigrants.
The most important finding is that migration patterns differ significantly across ethnic groups 4 : data show remarkable differences in educational levels, employment rate, gender composition, etc. across immigrants from different countries of origin. We also find evidence that gender itself brings great heterogeneity in migration patterns. These observations should recommend great attention in treating irregular immigrants (and, more generally, immigrants) as a homogeneous group, both in empirical analysis and/or theoretical models. Indeed, ethnic and gender composition of migration flows can be extremely important when dealing with its socioeconomic consequences. A second important finding is that, on average, immigrants in the sample have a high level of education and perform qualified jobs in their country of origin. This is in striking contrast with their labour market outcomes in Italy, where 46% of immigrants are unemployed and almost all employed individuals perform very elementary occupations. Finally, we try to look at the effects of personal characteristics on individual's labour market outcomes. We find that the probability of being employed increases with the level of formal education and with the knowledge of Italian. We also find that, after controlling for all the observable personal characteristics, being from Sub Saharan Africa is strongly and significantly associated with a higher probability of being unemployed. The paper is organized as follows. Section 2 describes the data and discusses their main features. It also provides a brief overview of the relevant legislation in Italy. Section 3 presents and discusses the descriptive statistics. The emerging image is compared with the few alternative sources of statistical information, when available. A regression analysis is also performed, to study immigrant's employment probability. Section 4 concludes and suggests patterns for future research.
Data and institutional framework

Data source
The present study uses a unique dataset collected in Milan between April 2000 and October 2001 by Naga, a voluntary association offering free medical care to irregular immigrants 5 . Naga is a very large association, supplying a daily average of over 60 medical visits, five days a week. Naga medical centre is located in Milan; hence its services are mostly -if not exclusively -used by residents of the city or of its close suburbs. As for the country of origin, the structure of the association doesn't give rise to any bias in favour or against any nationality and/or religion in approaching the service 6 . In Section 2.3 we discuss at length all the possible sources of sample selection. Before the first visit, every patient is shortly interviewed by one of Naga volunteers. This provides information on the immigrant's social and economic situation at the time of her/his first visit. In particular, every patient's file contains information on the country of origin, sex, date of birth, date of arrival in Italy, date of visit, marital status, number of children, education, current employment, employment in the home country, knowledge of Italian, housing and Naga contact (who introduced him/her to Naga). We also have some poor information on symptoms or diagnosis (1789 observations). Unfortunately the file is updated at each subsequent visit only with regard to the medical information 7 , therefore our dataset cannot track immigrants over time. Yet, the data are a precious source to study undocumented immigration and provide a unique snapshot description of migrants' social and economic characteristics. The original sample was made by 10,625 observations. In order to focus our analysis on the working-age population, we eliminated individuals less than 15 years old. We also dropped observations lacking information about the date of visit and/or arrival in Italy, and a few spurious observations. The final sample consists of 10,254 observations.
Irregular immigrants and the Italian Health Service
Immigrants' access to the Italian public health care system has been reformed several times in the last decades. Accession rules differ between regular and irregular immigrants. At the moment, regular immigrants are completely integrated in the National Health Service. On the contrary, irregular immigrants' access to health care is much more limited. In 1998 the socalled "Turco-Napolitano" law 8 established that undocumented aliens should be guaranteed the following types of treatments: emergency and first aid; the so called "essential treatments" (all pathologies not immediately dangerous, but which could worsen in the future); pre-and post-motherhood care; paediatrics and geriatrics. Yet the degree at which this law has been implemented varies widely across regions 9 and, to the best of our knowledge, the full range of medical services was not provided anywhere in 2001. Lombardy -the region where Milan is located -is one of the regions that has implemented the least the instructions of the "Turco-Napolitano" national law. At the moment Lombardy has not yet organized a system of primary health care provision for irregular aliens and this was, a fortiori, the case in 2001. Not only primary care was totally left to the responsibility of voluntary associations, but also the access to secondary care was de facto severely limited, with the only health service provided to irregular immigrants being emergency and first aid. Naga offers free primary (and, to some extent, secondary) care to irregular aliens, who completely lack it. At the same time, if a regular immigrant gets to Naga, she/he is redirected to the National Health Service and therefore we can be fairly confident that the sample does not include regular immigrants.
6
Naga volunteers are mainly Italian, and the few foreigners are evenly distributed among different countries.
7
The medical update is not available in electronic format. The Italian National Health Service is decentralised at the regional level. In particular, regions have the responsibility of financing and organizing the system.
Caveats and remarks
Information on undocumented immigrants is absolutely scarce. Attempts to quantify the presence of undocumented immigrants in developed countries are extremely problematic. Estimates are mainly based on apprehension rates at the border, expulsions and on available regularization episodes. Information at the individual level is even more limited. It follows that the advantages of the dataset presented in this paper are obvious: we can provide original detailed information on immigrants' personal characteristics and their socioeconomic status. Here we emphasize its main limitations. The first problem relates to the scarcity of available information and, in some case, its low quality. This originates from the fact that Naga's primary objective is not social research. For instance, as we have already mentioned, immigrants are interviewed only at their first visit. Therefore, it is not possible to keep track of the number of times a patient comes back to the doctor, and of any change occurred in the period between each visit. The accuracy and reliability of the information differ widely across variables, and we will discuss it whenever required. Just as an example, the information on jobs (both in the country of origin and in Italy) is an open question and we had to process all observations in order to classify them. Furthermore, for some variable the number of missing observation is high: for instance, we lack information on occupations in the home country for 24% of the sample. The second problem is that the dataset is not a random draw of irregular immigrants. Indeed, individuals are observed only if they visit Naga for medical assistance, and several factors influence the probability of observing a person. The most obvious one is that migrants only go to Naga if they are sick, and socioeconomic conditions might clearly affect the incidence of diseases in the population. In general, we expect poor, unemployed people to be overrepresented in the sample. Actually, socioeconomic conditions can affect the probability of going to Naga at least through two more channels, which are likely to bias the sample in the same direction. The first one is that poor people cannot afford the cost of a private doctor and therefore, if sick, their only chance to get medical care is to go to Naga, or to other voluntary associations; on the contrary, well-off immigrants may prefer to pay for a private doctor. The second one is that Naga is open only during working hours, limiting the possibility for employed immigrants to attend the service 10 . Overall, these factors tend to select immigrants in the sample according to their income (poorer) and employment status (jobless). Further selection problems may affect the sample. For instance, cultural factors are likely to influence the trust in Western medicine 11 -as compared to other styles of remedies -and even the individual's perception of illness. The characteristics of the migratory pattern can shape the probability of going to Naga too. For example, well established communities might provide their members with alternative resources and services to deal with health needs 12 . All the above problems suggest that any generalization of the analysis and any causal interpretation of the regression results should be kept with caution. In the rest of the paper we try to address these issues by comparing our descriptive statistics with those provided by Provincia di Milano -Fondazione ISMU (2002) -henceforth, Ismu (2002) -when available. However, it has to be acknowledged that the universe of undocumented immigrants is by 10 Actually, the specific occupation performed by the immigrant can also influence the probability of being sick, the type of disease -which is relevant for establishing the access to public health care -and even the perception of it.
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This could be the case for the Chinese community, which is remarkably underrepresented the sample. definition a hidden one and there is no fully reliable sampling strategy available, as we next argue.
Descriptive statistics
3.1. Region of origin Immigrants in our sample are from 92 different countries, although 75% of them origins from just 9 countries. Table 1 reports the regional composition of the sample by macro-regions of origin 13 . It also provides the composition of Ismu estimates in 2001, both for undocumented only and for all immigrants in Milan. In the sample, about 45% of immigrants are from Latin America and North Africa is the second most represented region. The difference with Ismu estimates is remarkable: Latin America accounts for only 30% of Ismu sample for undocumented immigrants. Asia, on the contrary, is underrepresented in Naga sample. Table 1 and Table 2 here Table 2 provides the same information for the nine most represented countries (countries with more than 300 observations), which will be explored in some more detail in what follows. Those nine countries -Main Countries thereafter -account for three quarters of the sample and, in particular, almost 3 out of 10 immigrants originate from Ecuador. We also report Ismu estimates for both undocumented and regular immigrants. Again, differences between Naga and Ismu are striking. For instance, Ecuador accounts for only 4.5% of undocumented immigrants (1.9% of regular immigrants) in Ismu sample, but 28.6% of Naga sample.
The discrepancy between the ethnic composition of Naga sample and Ismu estimates deserves a few remarks. First, it would be incorrect to conclude that Ismu rightly estimates the underlying population of undocumented immigrants whereas Naga's sample is selected. In fact, these figures illustrate the intrinsic difficulties in conducting any empirical study in this area. For example, Ismu estimates no presence in Milan of either regular or undocumented immigrants from 58 countries represented in the Naga sample; 5 of these (Cameroon, Congo, Bolivia, Moldova and Ukraine) have more than 26 individuals in Naga sample and one of them (Ukraine) accounts for 3.1% of it (320 observations). Therefore, a fair conclusion seems to be that both samples suffer important selection problems and -as we have already pointed out -unfortunately there is no fully reliable sampling strategy available. Second, there are several possible explanations of the observed differences between the two data sources. One possibility is that cultural reasons -such as the low trust on western medicine -could prevent certain ethnic groups from turning to Naga. At the same time, it can be the case that immigration from some areas, such as Latin America, is very recent, and assistance more deeply needed. immigrants' meeting areas, such as places of worship, recreation centres and so forth 14 . Indeed, the identification of such areas is crucial and it is especially challenging for those national communities which have only recently established in Italy. In order to explore this possibility we computed a measure of "irregularity" for each region, as the ratio of undocumented immigrants to the total number of immigrants; both figures are from Ismu (2002)'s estimates. We also computed the ratio of the number of observations in Naga sample and the number of undocumented immigrants according to Ismu estimates, normalised by the respective dimension of the sample. This ratio -% Naga, thereafter -provides a measure of the discrepancy between the two data sources 15 . Figure 1 plots the two variables and reveals a clear positive correlation between the two. The slope of the linear regression of % Naga on the measure of "irregularity" is 4.7 (standard error is 1.25 and R 2 is 0.82). This suggests that Naga performs better than Ismu in capturing those communities with a high share of irregular immigrants.
Personal characteristics
Gender composition
About 58% of immigrants are men -see Table 3 . The gender composition of the sample is more balanced than the one for irregular immigrants in Ismu, which refer to Lombardysecond column of Table 3 . One possible explanation is that the share of men is remarkably low among migrants from Latin America, who are relatively more numerous in Naga sample. Indeed, Table 4 shows that gender composition varies dramatically across areas of origin, with a prevalence of men in all areas except Latin America 16 . The last column of Table 3 calculates the hypothetical gender composition that would result if the regional distribution of immigrants were the same of Ismu. Overall, the results confirm that the ratio of men would be very close to the one predicted by Ismu over the entire undocumented population. Table 3, Table 4 and Table 5 here We also provide - Table 5 -the gender composition of the Main Countries. The results (together with those on age structure, family situation, and education, studied below) show that there are very different migration patterns not only across macro regions, but also across countries within the same region. For instance, we observe only 12 women out of 795 immigrants from Egypt. 80% of immigrants from Albania are men; on the contrary, more than 80% of immigrants from Ukraine are women. As already mentioned, women are 2/3 of immigrants from Ecuador and Peru, which, in turn, represent 87% of immigration from Latin America.
14 Details can be found in Blangiardo (1996) . 15 We also computed % Naga without normalising by the respective sample size and we reached identical results. This last measure is informative, as it gives the percentage of undocumented immigrants in Milan (according to Ismu estimates) which visited Naga: it ranges form 18.7% of Asia to 52.6% of Latin America. Clearly, these numbers reflect both the different propensity to go to Naga by ethnic group and the underestimation of the denominator for some area, as we argue in the main text.
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East Europe is more evenly balanced. Figure 2 plots the frequency of age groups, for both Naga and Ismu samples. Age for Naga is computed at the date of the visit; Ismu sample includes both regular and irregular immigrants and refers to Lombardy. The age composition of our sample resembles quite closely the age composition of the whole foreign population in Lombardy, even if it is slightly more concentrated on the tails of the distribution (see also Table 6 ). Immigrants are mainly young, with a median age of 30.2 years and a mean age of 31.8. Notice that the younger age is likely to be a distinctive feature of irregular migration. In fact, after a certain period of irregular permanence in Italy, immigrants tend to get out of this status, either because they have the opportunity to regularize (e.g. through amnesties), or because they move somewhere else, possibly to their home country. The slightly larger percentage in our sample of individuals over 60 is, on the other hand, likely to be a direct consequence of self selection, with older individuals having on average poorer health conditions. Figure 2 and Table 6 here North Africa has the youngest population, the mean age being 29.7; on the other extreme there are immigrants from Latin America, whose mean age is 32.6 for both women and men. Table 7 also provides the mean and median age by sex. There is an unambiguous tendency for women to be older than men (average age of 32.7 versus 31.2), with important differences across regional groups. In particular, women from sub-Saharan Africa are, on average, younger than men. This peculiarity is largely explained by the characteristics of immigration from Nigeria, the second African country of origin in the sample. Immigrants from Nigeria are mostly women (73.6%) with an average age of 24 and a median of 22.8. It is remarkable the difference between Nigeria and Senegal. In fact, migrants from Senegal are relatively older than those from Nigeria, with no evident difference between women (30.2 years old on average) and men -see Table 8 . Table 7 and Table 8 here Differences in the age structure of the nine most represented countries (Table 8) are notable: the median age of immigrants from Ukraine is 9 years higher than that of immigrants from Albania or Morocco. These numbers suggest the existence of important differences in the migration patterns across countries.
Age structure
Time to visit
When considering the age of immigrants, one should always consider the fact that it is recorded only at the first visit to Naga. Figure 3 and Table 9 report how long the individuals had been in Italy before their first visit. Figure 4 and Table 10 do the same for the nine most represented countries. Table 10 here On average, immigrants get to Naga 18 months after their arrival in Italy, but there are remarkable differences across areas. In particular, this time span is 30 months for immigrants from North Africa, while it is only 12 months for immigrants from Latin America. The differences might be due to several causes, including differences in the cultural approach to western medicine, in the age composition, in the type of occupation. For example ethnic communities whose members are primarily employed in construction might experience a higher incidence of on the job injuries, requiring emergency treatments, which are guaranteed by the National Health Service. In the same way, there are gender differences. On average, the time lag tends to be longer for men than for women, except for Asia (for Sub Saharan Africa and Latin America the difference is not statistically significant). There is not clear evidence of gender differences in Table 10 ; notice that the difference is statistically significant only for Morocco and Senegal, but for these countries, as for Egypt, the number of women in the sample is very low. We can check whether the time to visit is affected by the immigrant's age and, as expected, it is: the time to visit is decreasing in age (see Table 11 and Figure 5 ). Figure 5 and Table 11 here Notice that the time lag before visiting Naga reinforces the age differences across nationalities at the moment of migration. Indeed, those nationalities whose average age at visit is lower are also the nationalities for which the time lag is larger. For instance, immigrants from Morocco are the youngest nationality -their average age at first visit being 29 -and, at the same time, the nationality displaying the longest time to visit -it takes, on average, over 33 months between their arrival in Italy and their first visit to Naga. This implies that they tend to migrate at the age of 26. On the other hand, the average age of Ukrainians at the moment of their first visit is over 36 years old and the average time lag between their arrival in Italy and their first visit is only about 11 months. It follows that their average age at migration is about 35 years.
Family situation
The sample is quite evenly split between single and married 17 (47.8% and 46.2% respectively), with 6% of immigrants that are either separated or widowed -see Table 12 . Notice that the share of single women is remarkably lower than the share of single men (38.6% versus 54.5%). At the same time, the ratio of widowed and separated women to widowed and separated men is greater than 3. In particular, for Latin America and East Europe the share of separated or widowed women is extremely high 18 , this being partly due to the higher average age and partly to area-specific effects. In fact, as already noted, these are not homogeneous areas. For instance, Albania and Ukraine, both belonging to East Europe, present wide differences, as Table 13 illustrates. In particular, Ukraine stands out for having a very low share of single women (around 12%), which can be in part explained by the fact that, on average, they are older than other immigrants. At the other extreme only 23.5% of Moroccans is married, making it evident that differences across areas and countries are remarkable as well. Table 12 and Table 13 here Looking at the number of children, about half of the individuals in our sample have no offspring -see Table 14 and Table 15 . Again, figures greatly differ across regions and between sexes: most Africans have no children (76% of North Africans and 68% of Sub 17
The term "married" denotes both couples that are legally married and live-in couples. Similarly, we do not differentiate between divorced and separated. 18 The share of separated women from North Africa is very high too, but we only have 76 observations. Saharan Africans); on the contrary, the majority of Eastern European and Latin Americans has at least one child. Having more than five children is rare, except among women from Africa. Unfortunately, we do not know whether children are in Italy or in the home country. Table 14 and Table 15 here Figures for the Main Countries reveal that, not surprisingly, immigrants from nations whose average age is lower (namely Albania, Egypt, and Morocco) have the highest share of population without children, while the oldest nation (Ukraine) has almost 80% of immigrants with at least one child. Sri Lanka is an exception: 51.3% of individuals have no children even if the average age is 34 years. Abstracting from country differences, the emerging picture suggests the existence of different migratory experiences between genders, with women migrating when older (see Table 7 and Table 8 ), after marriage (Table 12 and Table 13 ) and after having children.
Housing
The interview contains a few questions on accomodation; see Table 16 and Table 17 . Most immigrants live together with friends or relatives. This seems to be particularly frequent for Asians, with more than 83% of immigrants living with friends or relatives. The most remarkable gender difference is that 12.5% of female live with their employer, versus 1.7% of men. This is mainly explained by the national origin of immigrants and by noticing the large share of women from East Europe and Latin America living with their employer. This pattern is possibly influenced by the type of occupation performed by women, and in particular by the greater availability of housing with the employer for people working as domestic helpers and cleaners. Later on we present some evidence on immigrants' employment conditions. For the moment, two aspects are interesting to notice: first, 65% of female in our sample works in domestic occupations -vs. about 8.6% of men -; second, East Europe and Latin America have a large share of women. We explore the relationship between working in domestic occupations and accomodation in Table 18 , where we focus on immigrants who are employed and split the sample between domestic jobs and all other occupations. As Table 18 makes clear, most immigrants living by their employers are working in domestic occupations and this share reaches 30.7% for female. Table 16, Table 17 and Table 18 Table 18 also shows that the share of people living in dormitory or homeless is much smaller when one focuses on employed immigrants, and virtually absent for people working in domestic occupations. If one looks again at Table 16 it is immediate to notice that homelessness is concentrated among men, while "only" 4.2% of women live in a dormitory or are homeless. As regional specificities are concerned, homelessness is particularly frequent among men from East Europe and North Africa, while it is rare among Asians. Finally, Table 17 reports housing conditions for the most represented countries. Notice the high share of homelessness among Romanians, partly explained by the presence of Rom. However, the share of homeless is extremely high for men from Albania and Ukraine too. In addition, the remarkable differences in housing conditions between Egypt and Morocco highlight, once again, different behaviours across countries within the same region.
Education
The educational level is crucial in order to address the socioeconomic consequences of immigration, both in the sending and in the destination country. It is well known that, on average, the level of education of emigrants is higher than the average of the country of origin, and this fact has originated a very rich debate on the detrimental effects of migration for less developed economies 19 . At the same time, it is commonly believed that international migrants are less educated than natives and, in fact, the assumption that international migrants possess low human (and physical) capital is common to the literature addressing their economic impact on developed countries 20 . Indeed, contrary to the conventional wisdom, the educational attainment of irregular immigrants is surprisingly high. Table 19 gives the proportion of immigrants by their highest level of education. Considering the whole sample, the share of illiterate is 3.3% and more than 50% possess upper secondary education. If we focus on the sub sample of individuals in the age bracket 25-64, the percentage of illiterate increases slightly, up to 3.8%, but there is also a strong increase in the share of people with university education (12.1% vs. 10.3%). On average, women tend to be more educated than men. Table 19, Table 20 and Table 21 here It is worth emphasizing that school attainment of irregular immigrants in our sample is generally higher than the school attainment of Italian citizens. In Table 20 we provide the percentage of the sample which has attained at least upper secondary education and we also report comparable figures for Italy 21 . For the age bracket 25-64, the share of the population with at least upper secondary education is more than 10% higher among immigrants than among Italians. This could be due to the different age structure of immigrants and natives. In fact, this is not the case and in general immigrants tend to possess a higher level of education even when we restrict the attention to thinner age brackets. Table 21 makes a similar comparison for university education. It has to be stressed that the available information does not allow discriminating between individuals with just some university education and those who have obtained a degree. Under the (optimistic) assumption that they have all completed their studies, the share of immigrants with a university degree would be 2.1% higher than for Italians. The fact is remarkable, because people with a university degree could be underrepresented among irregular immigrants. Table 22 here This last point can be addressed by looking at Ismu dataset. Although a direct comparison of educational levels in Naga and Ismu datasets is not possible, because of the different classification system, still it is worth observing that the percentage of individuals with some university education is lower for Naga -see Table 22 . Notice that Ismu includes both regular and irregular immigrants, and refers to Lombardy; furthermore, the age distribution of 19 For a classical reference on the brain drain see Bhagwati and Wilson (1989) .
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The economic impact of migration (on the labour market, on social security systems, etc.) has originated a long standing theoretical debate (see, for instance, Berry and Soligo, 1969; Rivera-Batiz, 1982) and its empirical evaluation is still open. On the labour market effects of immigration see -among the others - Borjas (2003) and references cited therein; for an updated contribution on international migration and the Welfare State see Razin and Sadka (2005) . immigrants differs between the two samples. These considerations are important because immigrants in Milan tend to posses a higher education than immigrants residing outside the city; on the other hand, illiterates are more frequent among very young and very old people. Keeping this in mind, the percentage of university education is lower in Naga than in Ismu sample. This can be partly explained by the fact that highly educated immigrants are more likely to get regularized or to move to other countries, thus reducing their incidence in Naga sample. The higher education of immigrants requires a few additional qualifications. First of all, in Naga sample the level of education is self reported, and possibly overstated. Second, there is a problem of comparability across different educational systems and degrees. Therefore, it is likely that the data tend to overestimate migrants' level of human capital. At the same time, it should be kept in mind that almost all of them perform elementary occupations in Italy (but not in their country of origin), as we document below. This suggests that we should be very much concerned about the brain waste involved in undocumented international migration. Table 23, Table 24 and Table 25 further investigate the issue by looking at regions and at the Main Countries. In particular, Table 23 highlights that East Europe and Latin America exhibit a very high level of upper secondary education, which for the latter group exceeds the Italian one even for the age bracket 25-34. More detailed information is provided in Table 24 . In general, most immigrants from all regions possess at least high school education. If we restrict attention to age 25-64, the mode is high school education for all regions, except Asia, for which more than 40% of migrants possess secondary education. Figures for East Europe are striking: 20.3% of women between 25 and 64 have attended university. Surprisingly, this percentage is 15.6 for the age bracket 25-34 and 21.3 for 35-44. This is mostly due to the pattern of female migration from Ukraine: about 30% of Ukrainian women aged 35-44 have some university education versus 20% of women aged 25-34. Table 23 and Table 24 here Notice that Africa exhibits a high level of polarization, with a very high share of illiterate (8.9% of North African men 22 ) and university education (10.2%). A similar pattern is present in the column "Sub Saharan Africa"; here it is worth stressing that on average men are more educated (and migrate when older) than female. Notice, finally, that there are no evident gender differences for Latin America.
It is important to keep in mind that averaging across countries of origin does not allow appreciating the dramatic heterogeneity across countries, even within a region. For example, consider Albania and Ukraine (47% of Eastern Europe immigration) or Egypt and Morocco (88% of immigration from North Africa) -see Table 25 . Table 25 here Looking at the age bracket 25-64, the share of university education is 27.5% for Ukraine, vs. 6% of Albania; the difference between Egypt and Morocco is more than 10%. This can be in 22 We remind that the sample has very few women from North Africa and it seems appropriate to focus our discussion on men only. part explained by the level of education prevailing in the sending country 23 . However, different migration patterns seem to prevail across countries within the same region. Table 26 provides the percentage of each educational group by length of permanence in Italy. The share of illiterate monotonically increases over time, while the opposite occurs among the immigrants who attended university. These trends provide indirect evidence of the self selection of the sample we have already remarked. More educated people are more likely to exit the pool of undocumented migrants, either because they are successful in getting a legal permit or because they migrate to other destination countries. It can also be the case that educated people find it easier to acquire information on Naga and to reach it, thus reducing the time to visit. Table 26 and Table 27 here Finally, Table 27 gives the share of immigrants who can speak Italian, by year of arrival. This reaches its peak after three years, then it is roughly constant, with about one third of immigrants that will never learn Italian. Table 28 reports the employment status in Italy, by gender and region of origin (there are 303 missing observations). 46% of the sample is unemployed, and about 1.5% is out of the labour force, half of them are students. It has to be stressed that the level of unemployment is certainly overestimated, for at least two reasons. The first is the sample selection we have already discussed in Section 2.3. The second is that the question on employment status is whether the immigrant is employed or not and it is likely that many immigrants answer they are unemployed although they actually work some hours a week; at the same time, we cannot exclude that some of the immigrants reporting unemployment are inactive. This is an issue for a correct definition of the unemployment rate, as only students and housewives are unambiguously counted as inactive. Even accounting for the overestimation, the unemployment rate is dramatically high, reaching almost two third of the sample for Sub Saharan African immigrants. The questionnaire distinguishes between fixed and occasional employment, but the distinction is ambiguous since, being undocumented, none of the immigrants can have a claim to any legal employment protection legislation. Table 28 and Table 29 here   Table 29 presents figures for the most represented countries. Of course, differences in the employment rate can be explained by a number of factors, such as education, knowledge of Italian, length of permanence in Italy, racial discrimination and so on. For instance, Table 30 reports the employment status by the length of permanence in Italy. Unemployment has a clear non monotonic relationship, reaching its minimum after two years. This is probably the result of two forces. First, time spent in Italy increases the probability of finding a job, because of the acquisition of country-specific skills (mainly the language) and a better knowledge of the local labour market. Second, employed immigrants tend to exit from the sample -as we have already discussed -because they can eventually get a legal status.
Employment
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According to the World Development Indicators, the school enrolment rate in secondary education is 74% in Albania, 84% in Ukraine, 81% in Egypt, and 35% in Morocco -data refer to 2001 except for Albania (2000). Table 30, Table 31 and Table 32 here The effect of education and knowledge of Italian on the employment status has a straightforward interpretation -see Table 31 and Table 32 . In order to disentangle the correlation between immigrants' employment status and observables, we estimate a logit model for the probability of being employed. Table 33 reports four different specifications. All specifications control for sex, education, age at visit, time spent in Italy and the square of both variables. In column 1 we use all the available observations and we do not control for regional fixed effect. Column 2 adds four regional dummies -the excluded region is Europe. Columns 3 and 4 restrict the analysis to the Main Countries -they include area and country fixed effect, respectively. In all specifications standard errors are adjusted for clustering on country. Table 33 here Regression results are stable across specification and, in general, confirm the correlation between variables already observed in the descriptive tables 24 . In particular, education has a positive coefficient: the probability of being employed increases with the level of formal education and with the knowledge of Italian. Gender does not have a statistically significant effect. Remarkably, the only regional dummy statistically different from zero and highly negative is the one for Sub Saharan Africa. That is, even after controlling for observable personal characteristics the probability of being employed is lower for immigrants from Sub Saharan Africa, confirming the picture offered by Table 28 . Detecting the causes of the poor performance of Sub Saharan Africans in the labour market is more problematic: it can be the consequence of cultural factors or it can be evidence of discrimination. Unfortunately we can not distinguish between these alternative explanations.
We also have some information on immigrants' occupation in their country of origin and in Italy. As we already mentioned, information on employment is difficult to be dealt with, the reason being that the interviewer asks an open question and some immigrant answers with his/her precise occupation, others just indicate the sector of activity. We had to process manually all the observation and classify the occupations using the European Union variant of the new International Standard Classification of Occupations (ISCO-88). Results are presented in Table 34 and Table 35 . Table 34 and Table 35 here The only occupation that we can unambiguously identify is "domestic helpers and cleaners". Notice that almost all employed immigrants perform elementary occupations in Italy. This is in sharp contrast with their previous occupation (in this case we have 24% of missing observations) at home, where only 15% was employed in elementary occupations and more than 5% were teachers or professors.
Conclusions
Knowledge of irregular migration is extremely limited, mainly because of the lack of data. This paper contributes to the literature by providing new detailed descriptive analysis of the phenomenon. We use an original dataset on over 10000 undocumented migrants in Milan. Despite some severe limitations of the sample, which are extensively discussed in the paper, it offers a unique source of information for the study of irregular migration. Our study reveals a dramatic heterogeneity in migratory patterns both across ethnic groups (even within the same geographical area) and between genders. This recommends caution in treating irregular migrants as a homogeneous group and may have important implications for both theoretical analysis and policy-making. We also find evidence of "brain waste": on average, immigrants possess a high level of education and have qualified jobs in their country of origin, whereas in Italy they are either unemployed or employed in elementary occupations. Finally, we look at the determinants of employment outcomes. Regression analysis shows that, as expected, education is positively correlated with the probability of being employed. We also find that, after controlling for observable personal characteristics, the probability of being employed is lower for immigrants from Sub Saharan Africa. The determinants of labour market outcomes of immigrants deserve further investigation, which is left for future work.
Appendix
Here we list the countries of origin and their aggregation in regions.
EUROPE: Albania, Belarus, Bosnia, Bulgaria, Czech Republic, Croatia, Former Jugoslavia, Hungary, Kosovo, Lithuania, Macedonia, Moldova, Montenegro, Poland, Romania, Russia, Serbia, Slovakia, Slovenia, Ukraine. 
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